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Al AND THE RECONSIDERATION OF WORKFORCES’ SKILLS

Abstract. Modern trends have clearly shown that artificial intelligence is no longer just a futuristic
concept of the future. The dynamics of its development and the possibilities of practical application have
already made it a powerful force that is fundamentally changing the way people work and function every
day. Its impact on the labour market is growing day by day, it is redefining which skills are important, how
these skills are formed, and what the future work ecosystem will look like. Many inaccessible tasks that
were considered unattainable in the past are easily performed by algorithms and smart machines, which
forces people to think about what makes work valuable in an era where technologies have gained more
capabilities, speed, and often even lower costs.

This paper examines the changing global skills structure driven by artificial intelligence and what this
could mean for developing countries like Georgia. Drawing on a wide range of international research,
policy reports, and economic analysis, the article identifies five key trends that are already shaping the
workforce of tomorrow.

First, there is the growing dynamic of skills polarization. Routine middle-level jobs, administration,
predictable technical functions, basic data processing are increasingly at risk of automation, while highly
skilled creative and low-skilled manual labour are relatively stable. Second, a new skills landscape
is emerging, where not only technical competencies are becoming the most valuable, but also digital
literacy, creativity, emotional intelligence, problem-solving skills, and the ability to adapt quickly. Third,
the gap between the rapid development of technologies and the slow adaptation of human skills is
widening. This creates a so-called “skills vacuum.” Fourth, education systems are increasingly out of
step with the needs of the labour market, especially in countries like Georgia, where educational and
vocational courses often fail to keep up with the digital and hybrid demands of the modern economy.
Finally, the public policy response to all this is often fragmented and inconsistent. There are no long-
term, national strategies whose main goal should be to prepare society for the transition period.

Such trends raise alarm bells, especially in countries where access to retraining and continuing
education is limited, regional disparities are keeping people away from new opportunities, and public
policies are not yet responding to the scale of technological transformation.

In Georgia, the above challenges are particularly alarming given the weak infrastructure and policies
of the education system, where the involvement of labour market actors in the process is neglected,
leading to inconsistent management of skills policies.

It provides a solid foundation for future research and highlights areas where timely action is vital to
avoid negative impacts on the labour market. The article focuses on challenges that are not only caused
by new technologies but are of a much deeper social, economic, and institutional nature. Preparing
for the future requires a proactive and inclusive approach: better coordination between education and
business, closer cooperation between the public and private sectors, wider access to lifelong learning,
and a redefinition of which skills will be truly relevant in tomorrow’s world of work.
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Introduction. The rapid pace of
development of digital technologies in the last
decade, especially in the direction of generative
artificial intelligence, has brought the labour
market into a completely new era. Algorithms,
machine learning models and robotic systems
perform those jobs that previously relied solely
on human intelligence and experience. Such
changes can no longer be considered only as
a change in the number of jobs, it is much
deeper and includes the content of work itself,
values, criteria and skills that will be the main
key to success in the future.

The impact of artificial intelligence on
the automation of professions goes beyond
technological change and has a profound
impact on the dynamics of skills needed for
the labour market. It is this very dynamic
that determines how the value of human
labour is measured and valued. Traditional
technical and theoretical knowledge, which
for centuries was sufficient for employment,
is gradually losing its primary importance,
as smart machines and digital technologies,
enhanced by artificial intelligence, are
replacing such activities. In the new reality,
priority is given to skills that algorithms cannot
replicate: creative thinking, independent
solving of complex problems, analytical and
critical vision, emotional intelligence, rapid
adaptation, and daily integrated work with
technologies. It is precisely such skills that
make human labour unique and competitive
in the era of automation.

In this transitional period state
institutions, the education sector and
employers are simultaneously facing new
challenges. They will have to find answers to
the following questions:

1. How to identify the most needed
skills for the future and how to prioritize the
country’s labour market policy?

2. In what ways can the necessary skills
be developed in a timely and effective manner
in both formal and non-formal education?

3. How to ensure that training and
certification are actually transformed into
employment opportunities and values
recognized by employers?

4. How to create a culture of lifelong
learning and self-development, where the
renewal of knowledge becomes a natural and
constant process of life?

The main objective of the article is to
analyze the mechanisms that are driving
the transformation of skills demand in the
new digital era and to highlight the impact
of artificial intelligence on labour market
dynamics. The study focuses not on specific
sectors, but on a broad general picture that

integrates the education system, the business
sector, public policy and the perspective of
individual skills development. The main focus
is on the asymmetry that exists between the
speed of development of artificial intelligence
and the adaptation of human skills. This gap
can become both a major challenge and a
source of new opportunities.

The object of the research is the impact
of artificial intelligence on the labour market
and the subject is the system of employees
skills and the dynamics of its transformation.

The main objectives of the research are:

— to analyze how the need and value of
skills are changing in the digital era;

— to identify the risks of uneven
distribution of skills and their impact on
economic and social structures;

— to formulate recommendations that
will help the state and private sectors in
developing a strategic skills management
system, by better linking education and
labour policies.

Although, this paper builds on existing
research and literature review, it lays a solid
foundation for future empirical research
that will explore the real scale of Al-induced
skill transformation, both globally and in the
Georgian context. The article may help society
and institutions prepare for the future and
promote constructive cooperation between
technology and humanity.

Literature Review. The current changes
in the labour market are largely related to the
rapid spread of recent digital technologies,
and in particular artificial intelligence. This
process is not only changing the structure
of professions, but also reigniting the global
debate about which skills will be crucial for
the future economy.

Frey and Osborne (2017) indicate that
the likelihood of automation of an occupation
is largely determined by how routine and
predictable the work process is. According
to their study, employees whose tasks can
easily be replaced by an algorithm belong to a
high-risk group.

Brynjolfsson and McAfee (2014) speak of a
“second machine age” in which not only manual
labour but also analytical and communication
tasks are being automated. They argue that
this trend is leading to a “polarization” of skills.
The number of middle-level jobs is gradually
shrinking and the gap between high- and low-
skill sectors is growing.

According to the OECD (2020) report!,
the labour market of the future will require

1 Skills outlook 2020: Learning for life. Paris: OECD
Publishing, 2020. doi.org/10.1787/9789264383737-en
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not only technical knowledge, but also
competencies such as critical thinking, digital
literacy, and the ability to adapt quickly.

According to a McKinsey Global Study,
by 2030, an estimated 375 million people
worldwide will need to retrain to meet
new economic demands (McKinsey Global
Institute 2021)!. This underscores the critical
importance of “learning to teach” in a rapidly
changing environment.

Rodrik (2007) argues that the key factor
in technological change is not the level of
innovation, but rather the flexibility of the
institutional environment. In this context,
the rigid structure of the education system
increases the risk of skills shortages and
slows down the adaptation of human capital
(Arnania-Kepuladze, 2018)

Acemoglu and Restrepo (2020) emphasize
that Al can be used not only to replace human
capabilities, but also to enhance them,
if technology is accompanied by targeted
investments in human skills.

The World Economic Forum (WEF 2023)?
reports that a country’s competitiveness in the
future will be largely determined by the skills
ecosystem it develops, where lifelong learning,
creativity, and digital culture come together.

The ILO (2019)° conclusion emphasizes
that social equity, labour rights, and the
humanization of the work process must be
taken into account in the policy assessment
of technological transformations.

There has not yet been a specific study
conducted in Georgia on the impact of Al
in terms of skills transformation. However,
general assessments (PMCG 2022% ISET
Policy Institute 2023% indicate several
problems: a serious shortage of digital skills,
weak links between education and the labour

1 The future of work after COVID-19. McKinsey
Global Institute. 2021. URL: https://www.mckinsey.com/featured-
insights/future-of-work/the-future-of-work-after-covid-19  (gata
3BepHeHHs 15.06.2025).

2 The future of jobs report 2023. Geneva: WEF,
2023. URL: https://www.weforum.org/reports/the-future-of-jobs-
report-2023_(nata 3BepHeHHst 15.06.2025).

3 Work for a brighter future — Global Commis-
sion on the Future of Work. Geneva: International Labour
Organization, 2019. URL: https://www.ilo.org/global/publications/
books/WCMS_662410/lang--en/index.htm___(aata  3BepHeHHs
15.06.2025).

4 Assessment of digital skills in Georgia’s re-

gions. Thilisi: Policy and Management Consulting Group, 2022.
URL: https://pmcg-i.com/projects/assessment-of-digital-skills-in-
georgia_(nata 3sepHeHHs 15.06.2025).
5 Digital skills gap in Georgia: Bridging the divide.
Thilisi: ISET, 2023. URL: https://iset-pi.ge/index.php/en/research/
education/4142-digital-skills-gap-in-georgia___(gata 3BepHEHHS
15.06.2025).

market, and uneven access to retraining
opportunities at the regional level.

Research Methodology. The presented
paper is based on high-quality secondary
data analysis and draws on existing
international and national studies to study
the impact of artificial intelligence on
structural changes in labour market skills.
The study follows a theoretical-analytical
framework that systematizes key concepts
and interprets global trends to develop a new
vision in the context of the Georgian labour
market. The analysis includes a wide range
of sources, including reports of international
organizations (OECD, ILO, World Economic
Forum, McKinsey Global Institute, UNESCO),
academic articles and theoretical models
(Frey & Osborne, Brynjolfsson & McAfee,
Rodrik, etc.), economic and educational policy
documents, as well as existing reviews of the
Georgian labour market (e.g., PMCG, ISET).

The paper is an exploratory study that
does not seek to confirm or refute a specific
hypothesis, but instead examines the subject
in depth and contributes to its theoretical
understanding.This type of research is not
strictly inductive or deductive. Its main goal
is to identify and systematize patterns and
regularities.

In our case, the transformation of skills is
considered in four main aspects:

1. Polarization of skills and revaluation
of their value.

2. The speed of adaptation of human
capital to technological changes.

3. The readiness of education systems in
the digital era.

4. Policy recommendations for effective
management of skills.

The following analytical approaches have
been used to study the problem:

1. Systematic comparison — comparative
analysis of different sources and contexts.

2. Critical interpretation -  deep
understanding of existing data.

3. Conceptual mapping - drawing up
diagrams and models connecting processes.

During the development process, an
extensive literature review was conducted in
the following areas:

1. Typology of skills (routine / non-
routine, technical / socio-emotional).

2. Identification of sectoral and cross-
sectoral influences.

3. Comparison of policy frameworks in
different countries.

4. Parallel analysis of global models and
Georgian practice.
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Fig. 1. Risk of automation by skill segment

Source: compiled by the author based on (Frey & Osborne, 2017)

One limitation of the study is the absence
of primary data collection; however, this
is partially offset by a broad and diverse
literature base combined with a deep
analytical approach.

Future research is recommended to:

1. Empirical research on  specific
segments of the Georgian labour market.

2. Analysis of skills demand and supply
in individual sectors.

3. Assessment of the adaptive capacity
of the education system in the face of the
challenges of the digital era.

Main Results. The age of artificial
intelligence is slowly creeping into the job
market, changing not only who will be hired,
but what skills will be valued and how
those skills will be acquired, according to
the school’s new pulse-pounding Workplace

Physical strength - 10%
e 15%

Manual dexterity
technological literacy
Emottional intelligence
Creative thinking
Analitic thinking

0%

10%  20%

30%

Learning Report. A review of the literature
identifies a number of systemic trends in
terms of which a number of tendencies may
be interpreted as general in the global and
local context.

Skill Polarization and Associated Risks

The modern labour market is highly
polarized: with an increased demand for high-
level skills involving high-level knowledge
creation and technological adaptability on the
one hand, and low-level, non-routine skills
on the other. However, human middle-skills
(especially administrative, operational and
routine-based jobs that are considered as most
automatible) are currently under threat.

According to Frey and Osborne (2017), the
threat of automation is greatest in middle skill
jobs — 58%, while the proportion for low-skilled
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e ) 567
D e 5
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m Expected Demand Growth

Fig. 2. Future skill demand growth

Source: compiled by the author based on McKinsey Global Institute (2021)"

1 The future of work after COVID-19. McKinsey Global Institute. 2021. URL: https://www.mckinsey.com/featured-insights/
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Fig. 3. Speed Gap: Technological change vs Human skill adaptation

Source: compiled by the author based on World Economic Forum (2023)*

“The future of jobs report 2023. Geneva: WEF, 2023. URL: https://www.weforum.org/reports/the-future-of-jobs-report-2023_(nata

3BepHeHHs 15.06.2025).

is 30% and for high-skilled — just 14%. This
trend runs the risk of economic segmentation
and social polarization, especially in countries
with weak mechanisms for labour mobility and
limited access to upskilling.

In Georgia, where vocational retraining
systems especially for the mid-tech segment
operate in fragmented ways, such polarization
may lead to structural disintegration of
the labour force and deepening of regional
economic decline.

A new skills hierarchy: from technical to emotional

The modern labour market is developing
in such a direction that the demand for
employment value is increasingly determined
not by the technical and procedural skills
of a specialist. Recent international reports
(OECD 2020; McKinsey 2021)! 2 note that
in the coming years the greatest increase in
demand will be for the skills that require:
Creativity and independent problem-solving
ability; Emotional intelligence, collaboration,
and cultural empathy; Digital thinking and
the ability to make data-driven decisions.

Technical and technological skills are
still of immense importance but no longer
remain solely decisive in the value of labour.
In new reality, the value of skills is assessed
not in the amount of knowledge, but in the
capability of building human relationships,
creativity, synthesis.

As the graph above shows, analytical
thinking and creativity lead growth forecasts,
at 72% and 65%, respectively, followed by
emotional intelligence (58%) and technological

1 Skills outlook 2020: Learning for life. Paris: OECD
Publishing, 2020. doi.org/10.1787/9789264383737-en

2 The future of work after COVID-19. McKinsey
Global Institute. 2021. URL: https://www.mckinsey.com/featured-
insights/future-of-work/the-future-of-work-after-covid-19  (gata
3BepHeHHs 15.06.2025).

literacy (55%), indicating that surviving in the
future work environment will mean mastering
hybrid skills.

Much of the Georgian labour market
notably the public sector and many regional
enterprises remains captured by structures
that  prioritize routine administrative
functions. This trend creates a temporary
zone of protection from technological
transformation only for the time being: the
new hierarchy of skills necessitates structural
adaptation at the levels of education,
retraining and organizational culture.

The Imbalance in the Speed of Adaptation

One of the most significant structural
challenges for the modern labour market is
the imbalance in the speed of adaptation, the
difference between the pace of technological
progress and the speed at which individuals
are able to transition to relevant skills.
As indicated by both Rodrik (2007) and
Acemoglu & Restrepo (2020), this momentary
lag produces a “skills vacuum” in which
the labour market outpaces demand
and simultaneously cannot be filled with
appropriately skilled personnel.

As can be observed from the graph above,
the technological change index has achieved
its level of 85% in relative units, while the
index of adaptation speed of human skills has
decreased below 47%; hence, systemic lag is
obvious and it would lead to a sever economic
fragmentation without being compensated by
strategic retraining and policy response.

In Georgia, such disproportions are
especially visible at the regional level.
According to 2022 data of the PMCGs?,

3 Assessment of digital skills in Georgia’s re-
gions. Thilisi: Policy and Management Consulting Group, 2022.
URL: https://pmcg-i.com/projects/assessment-of-digital-skills-in-
georgia_(nata 3sepHeHHs 15.06.2025).
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Fig. 4. Graduate competency match with job market

Source: compiled by the author based on ISET Policy Institute (2023)*

*Digital skills gap in Georgia: Bridging the divide. Thilisi: ISET, 2023. URL: https://iset-pi.ge/index.php/en/research/
education/4142-digital-skills-gap-in-georgia_(nata 3BepHeHHst 15.06.2025).

access to digital skills retraining courses in
the regions is 42%, which means that most
of the population is out of the range of the
technology adaptation (PMCG 2022). From
this data, it is obvious that faster technologie
adaptation  support requires: targeted
reskilling programs; decentralized access to
knowledge; parallel policies to technological
development, taking into account the natural
pace of human adaptation.

Education Systems and Labour Market Mismatch

One of the most critical problems
observed in the post-Soviet space including
in Georgia is the structural misalignment of
the education system with the dynamics of
the labour market. Universities, colleges, and
vocational education institutions often fail to
provide skills that directly respond to market
needs, particularly hybrid, interpersonal, and
technological competencies.

According to ISET, (2023)!, 18% of
graduates are estimated to be fully aligned
with the labour market demand, in a
further 37% of cases, partial alignment is
estimated, while 45% are deemed unrelated
or mismatched to demand. These figures
show a systemic mismatch of the educational
system programs and the real structure of
labour demand.

We have to underline that having purely
academic knowledge is not enough in today’s
economic-status quo. The economy demands
interdisciplinary, hybrid and digital skills,
which can be provided only by a flexible

1 Digital skills gap in Georgia: Bridging the divide.
Thilisi: ISET, 2023. URL: https://iset-pi.ge/index.php/en/research/
education/4142-digital-skills-gap-in-georgia__(gata  3BepHeHHsI
15.06.2025).

education system that catches up with
changes in the market.

In Georgia, the gap is especially obvious
in the areas where the vocational education
does not fit either regional economic profile, or
the global trends. Unbalanced distribution of
skills literally means unbalanced distribution
of opportunities for employment and mobility
across the social scale.

Politics answers difficulties

The state has a key role in aligning labour-
market skills with adaptation needs. A number
of countries are already working on establishing
such skills-focused strategic management
frameworks, including: Introduction of the
concept of lifelong learning; A voucher-based
system for retraining; Training programs for
specialists in various fields, taking into account
current and future labour market needs.

The chart above shows the likes of
Finland, Singapore and Germany have already
established both national skills strategies
and frameworks for lifelong learning and
employer co-funded retraining programmes.

In Georgia, however, according to
comparative analysis by the WEF? and ILO?3,
such policies either don’t exist or work only in
fragmented form. There is no skills strategy on
the national level; no system-wide approach
to lifelong learning and increasing digital

2 The future of jobs report 2023. Geneva: WEF,
2023. URL: https://www.weforum.org/reports/the-future-of-jobs-
report-2023_(nata 3BepHeHHst 15.06.2025).

3 Work for a brighter future — Global Commis-
sion on the Future of Work. Geneva: International Labour
Organization, 2019. URL: https://www.ilo.org/global/publications/
books/WCMS_662410/lang--en/index.htm___(nata  3BepHeHHsI
15.06.2025).
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Fig. 5. Comparative skills policy adoption

Source: compiled by the author based on World Economic Forum (2023)*

*The future of jobs report 2023. Geneva: WEF, 2023. URL: https://www.weforum.org/reports/the-future-of-jobs-report-2023

(naTa 3BepHeHHs 15.06.2025).

capital; practically no employer engagement
with the retraining system.

This reality reflects the reactionary,
non-anticipatory nature of policy that
fails to address the scale of the economic
transformation coming into being under the
conditions of artificial intelligence. Without
a strategic response, the labour market of
Georgia remains a limited employment space
with low potential for social mobility where
the skills-deficit directly becomes a factor
driving economic backwardness.

Conclusion. The rapid development
of artificial intelligence has led the
labour market into a process of profound
transformation. This change is driven by
technological advancements, a reassessment
of skill demands, and the speed of response
of education systems. Based on the analysis
of existing literature, five main trends have
been identified that characterize both the
global and Georgian labour reality:

1. Skills polarization - The labour
market is splitting into two: high and low
skilled segments are developing at different
rates, and middle-level jobs are most at risk
of automation. This limits social mobility and
increases the risk of economic fragmentation.

2. New skills hierarchy - Technical
skills are no longer the only key value;
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emotional intelligence, creativity, digital
skills, and effective communication are
gaining importance alongside them. This new
hierarchy is transforming both organizational
culture and the content of educational
programs.

3. Uneven pace of retraining -
Technologies are developing faster than people
can keep up with the pace of skill upgrading,
creating a so-called “skills vacuum.” This is
especially noticeable in developing countries
and regions.

4. Mismatch between education and the
labour market. Georgia’s education system
fails to reflect real demand. Hybrid and
digital skills are not properly integrated into
curricula, resulting in a workforce that is not
aligned with employment needs.

5. Weak  policy response - In
countries with strategic skills management
mechanisms, the transition process is more
stable. In Georgia, however, there are no
systematic frameworks for retraining, lifelong
learning, and employer engagement.

The combination of these trends shows
that the skills transformation is not just a
technological problem. It is a social, economic

and institutional challenge that requires
integrated, forward-thinking and flexible
policies.
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LUTYYHWUW IHTENEKT | NEPEOCMUCIIEHHA HABUYOK NMPALIBHUKIB

CyuyacHi TeHEHLi YiTKO NOKa3yHTh, L0 WTYYHWIA IHTENEKT GinbLue He € NnLLe (yTYPUCTUHHOK KOHLENLEe
MaibyTHbOro. [lHamika 1oro po3BMTKY Ta MOXMMBOCTI MPaKTUYHOTO 3aCTOCYBaHHS BXe 3p0BWK 1010 NOTYX-
HOI0 CUNOK, SIKa KAPAVHATMBHO 3MIHIOE Croci6 poBOoTY Ta (hyHKLIOHYBaHHS Mioael Wwoaws. Aoro Binns Ha puHok
npaLi 3pocTae 3 KOXHUM HEM, BiH MEPEOCMUCTIIOE, SKi HABWUYKW € BXMMBUMMU, SK Lii HABUYKM POPMYIOTLCS Ta
Ak 6yae Burnsgatm ManbyTHS ekocuctema npaui. barato HeAOCTYNHWX 3aBAaHb, AKi paHille BBaXanucs He-
LOCSHKHUMU, TENEP NETKO BUKOHYKOTHCS anropuTMamyt Ta iHTENeKTyansHAMM MallMHamu, WO 3MyLLYE Niogen
3aMUCAIMTUCA HaZ TUM, Lo pobuTb pobOTy LHHOK B €MOXY, KoMK TeXHONOrii Habynu BiNbLIMX MOXIMBOCTEN,
LUBMAKOCTI, @ 4acCTO 1 HKYMUX BUTPAT.

Y il cTaTTi po3rnafatoTbCs 3MiHM B rnobanbHili CTPYKTYPi HABUYOK, CIPUYMHEHI LUTYYHUM iHTENEKTOM, Ta
iX MOXNWBUIA BNIVB Ha Taki KpaiHK, Lo pO3BMBaOTLCS, SK [Py3is. Ha OCHOBI LIMPOKOTO CNEKTPY MiXKHAPOAHUX
JocCnimKeHb, NOMITUYHUX 3BITIB Ta EKOHOMIYHWX aHanisiB y CTaTTi BU3HAYEHO MATb KIOYOBUX TEHAEHLIN, SKi
BXe (hopMytoTb pobouy cuny MaibyTHLOrO.

lMo-nepLLe, cnocTepiraeTbCs 3pocTarya AvHamika nonsipusadii HaBu4ok. PyTUHHI po60oTy cepenHbOoro piBHS,
aaMiHicTpaTVBHI (hyHKLii, nepeadadyBaHi TexHiuHi (yHKLT, 6azoBa 06pobka AaHUX BCe Binblue NigaakTbes pu-
31Ky aBTOMaTu3auii, Toai sk BUCOKOKBasicikoBaHa TBOpYa Ta HM3bkOkBanichikoBaHa pyyHa npaus € BigHOCHO
cTabinbHo. Mo-apyre, HSBNAETHCH HOBUI NaHALLAGT HABUYOK, A€ HAMLIHHILIMMU CTalOTb HE TiMbKY TEXHIYHI
KoMneTeHLji, a  uMpoBa rPamoTHICTb, KPEaTUBHICTb, EMOLIMHWIA IHTENEKT, HAaBUYKW BUPILLEHHS npobrem
Ta 3[aTHICTb WBMAKO apanTyeatucst. Mo-TpeTe, po3puB MiX LUBMAKM PO3BUTKOM TEXHOMONN Ta NOBIMbHOK
apanTauieto NIACbKUX HaBUYOK 36iMnbLUyeThCs. Lie CTBOPIOE Tak 3BaHWiA «BakyyMm HaBU4OK. [o-4eTBepTe, cu-
CTeMy OCBITY BCe BinbLue BiacTatoTb Bi NoTpeb puHKY npaLi, 0co6nmMBO B Takux KpaiHax, sik [py3isi, Ae OCBiTHI Ta
MPOCECINHI KypcU 4acTo He BCTUrAKTh 3a LiMGPOBMMY Ta FiOpUAHMMM BUMOraMm Cy4acHOi eKoHOMikW. HapeLwuTi,
peakwis Aep)xaBHOI MOMITHKM Ha BCE Lie 4acTo € (hparMEHTOBAHO Ta HEMOCHiAOBHOW. He iCHye [OBroCTpoKo-
BMX HaLiOHanbHUX CTpaTerili, roroBHa MeTa sikux nonsrana 6 y nigroTosLi CycninbCTBa A0 NEPEXifHOro nepioay.

Taki TeHAEHUT BUKNMKaOTL TPUBOTY, 0COONMBO B KpaiHax, Ae AOCTyn A0 Nepeniarotoku Ta GeanepepsHol
OCBITU € OBMEXEHMM, PEriOHanbHi AUCPONOpLii YHEMOXMMBIIOKTL JOCTYN J0AEN 10 HOBWX MOXIMBOCTEN, a
[epxaBHa norniTuka LLe He BianoBsifae Maciutabam TEXHOMOTYHUX NePETBOPEHb.

Y Tpysii BULIE3a3HAYEHI BUKNMKA € O0COONMBO TPUBOXHUMK 3 OrMsagy Ha cnabky iHpacTpykTypy Ta
MoniTUKy CUCTEMM OCBITH, i€ y4acTb CyBYeKTIB PUHKY MpaLi B LibOMY MPOLECi IrHOPYETLCA, L0 NPU3BOANTL A0
HenocnifoBHOM yNpaeniHHA NOMITUKOI0 Y CAHEpi HABUYOK.

BoHa 3abe3neyye MillHy OCHOBY Anst ManbyTHIX JoChimKeHb i BUCBITNIOE cchepu, B SIKUX CBOEYACHI fii €
XUTTEBO BaXIMBUMM [N YHUKHEHHS! HEraTWBHOTO BMMBY Ha pUHOK mpaui. CTaTTs 30CepemkyeTbcs Ha BU-
Knukax, siki He TiMbKM CMpUYMHEHI HOBMMM TEXHOMOMSMK, ane 1 MawTb Habarato rMOLIMIA coLianbHWiA,
€KOHOMIYHWI Ta IHCTUTYLNHUIA XxapakTep. MigroToBka A0 ManbyTHLOMO BUMarae NPOAKTUBHOTO Ta iHKITIO3MBHOIO
nigxoay: KpaLLoi koopauHaLlii Mix 0CBITO Ta Bi3HECOM, TICHILLIOT CniBnpaLi Mk AepXaBHUM Ta NPUBATHUM CeK-
TOpaMK, LUMPLLOrO AOCTYNY A0 HABYAHHS MPOTArOM YCbOTO XUTTS Ta NEPEOCMUCTIEHHS TOTO, ki HaBWYKM ByayTb
[iNCHO aKTyanbHUMU B 3aBTPaLUHbOMY CBITi npaLi.

Knroyvosi cnosa: wmyyHut iHmenexkm (L), mpaHcghopmauisi puHKy npaui, nonapusauis Haguqox,
po3pus y yughposux Haguykax, adanmauis n0CcbKo20 Karimary, HeeionogiOHicmb 0Ceimu ma Hag4yaHHs,
matibymHe npaui, nonimuyHi 3axo0u y cghepi po3guUMKyY HaBUYOK.
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