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ABSTRACT

Purpose. This study analyzes the spatio-temporal dynamics of forest cover in the Marat
Longri—Patradisa—Longnit Forest Complex (MLPL), Karbi Anglong district, Assam, over
the period 1994—-2024. The forest complex is an ecologically significant landscape in
Northeast India, supporting rich biodiversity and serving as a critical habitat for sever-
al threatened species. The objectives were to quantify changes in major forest types,
examine land use and land cover (LULC) transitions, assess anthropogenic drivers of
forest degradation, and evaluate their implications for biodiversity conservation, particu-
larly for the Western Hoolock Gibbon (Hoolock hoolock).

Methodology. Multi-temporal satellite imagery, including Landsat 4-5 TM (1994 and
2004) and BHUVAN LISS IV (2014 and 2024), was used for the analysis. All images
were radiometrically and geometrically corrected to ensure temporal consistency. The
study area was classified into seven LULC categories: Semi-Evergreen Forest, Moist
Mixed Deciduous Forest, Scrub Forest, Degraded Forest, Agricultural Land/Shifting Cul-
tivation, Built-up Areas, and Water Bodies. Pixel-based supervised classification and
post-classification change detection were performed using ArcGIS 10.3. Classification
accuracy was evaluated using Producer Accuracy, User Accuracy, Overall Accuracy,
and Kappa statistics.

Results. The results indicate a significant decline in Semi-Evergreen Forest and Moist
Mixed Deciduous Forest, accompanied by notable increases in Degraded Forest, Scrub
Forest, Agricultural Land/Shifting Cultivation, and Built-up Areas. These changes reflect
increasing anthropogenic pressures, including shifting cultivation, illegal and selective
logging, agricultural expansion, infrastructure development, and settlement growth.
The classified maps achieved high accuracy, with average User Accuracy ranging from
90.64% to 96.53% and Kappa values between 0.81 and 0.93, confirming the reliability of
the classification. The observed forest changes have intensified habitat fragmentation,
reduced canopy connectivity, and degraded habitat quality for forest-dependent wildlife.
Scientific novelty and practical significance. This study presents a comprehen-
sive long-term assessment of forest cover dynamics in the MLPL Forest Complex and
demonstrates the ecological consequences of landscape transformation. By linking
forest cover change with biodiversity conservation, particularly the conservation of the
Western Hoolock Gibbon, the findings provide a scientific basis for sustainable forest
management, restoration of degraded forests, regulation of shifting cultivation, and
strengthened community-based conservation initiatives to enhance ecological resilience
in Northeast India.
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Introduction

Forest cover changes have now emerged
as a critical environmental issue at the global
level and even in India, with ongoing large-
scale changes in forest extent and composition
remodeling landscapes and ecosystems [1, 2].

Incites:

Though land use and forest cover are frequently
employed synonymously, they express different
meanings in natural resource management
and environmental monitoring [3, 4]. Forest
cover describes the physical extent and spatial
distribution of vegetation, especially tree
canopies, on the surface of the Earth, whereas land

Kashyap Parag Jyoti, Bose Sahana (2026). Forest Cover Changes in Marat Longri Patradisa Longnit Forest Complex

of Karbi Anglong District, North East India. Visnyk of V. N. Karazin Kharkiv National University, Series Geology. Geography. Ecology,
(64), 395-404. https://doi.org/10.26565/2410-7360-2026-64-30

@_®_ © Parag Jyoti Kashyap, Sahana Bose, 2026

This work is licensed under a Creative Commons Attribution 4.0 International License

395



https://doi.org/10.26565/2410-7360-2026-64-30
https://orcid.org/0000-0003-4273-841X
https://orcid.org/0000-0003-4273-841X
mailto:kashyapparagjyoti@gmail.com
https://orcid.org/0000-0003-1055-7120
https://orcid.org/0000-0003-2108-9297
mailto:sahanadona@gmail.com
https://doi.org/10.26565/2410-7360-2026-64-01
https://doi.org/10.26565/2410-7360-2026-64-30

ISSN 2410-7360 (Print)
ISSN 2411-3913 (Online)

BicHuk XapkiBcbkoro HaLioHanbHoro yHisepeuTety imeHi B.H. KapasiHa Cepist «Ieonorisi. [eorpadisi. Ekonorisin | 2026 | 64 | C. 395-404
Visnyk of V. N. Karazin Kharkiv National University, Series Geology. Geography. Ecology ' 2026 ' 64 | 395-404

use describes human land use and management
activities like agriculture, habitation, and
infrastructure development [5, 6]. Forested
cover change in India has been driven by rapid
population increase, expansion in agriculture,
urban expansion, and enhanced demand for
natural resources [7, 8]. These anthropogenic
forces, combined with infrastructural growth
and shifting cultivation patterns, have resulted
in extensive deforestation and forest degradation
in various regions [9, 10]. The importance of
research on forest cover change became apparent
during the mid-1970s, and by the mid-1980s
scientists realized that forests played a crucial
role as sources and sinks of carbon, highlighting
their impact on the global carbon cycle and
climate balance [11, 12].

Forest cover change is currently identified
as one of the most significant drivers of global
and regional environmental change [13, 14].
Knowledge of the spatial and temporal patterns
of forest cover is thus critical for successful land
resource management and conservation planning
[15, 16]. The pattern and pace of forest cover
change, however, differ considerably among
Indian regions [17].

In Northeast India, where forest ecosystems
harbor exceptional biodiversity and many
indigenous communities, forest cover change has
been especially significant [18, 19]. Complex socio-
ecological interactions, where traditional shifting
cultivation, population pressure, and development
activities together determine forest dynamics, are
the characteristics of the region. Studies revealed
that these changes impact natural resources,
agricultural productivity, economic development,
and ecological stability directly or indirectly [20, 21].

Therefore, forest cover change analysis
is imperative to ensure effective monitoring,
evaluation, conservation, and planning [22, 23].
Human activities have drastically changed the
forested ecosystems of Northeast India over the
decades [24]. As forest cover includes both natural
and human-altered vegetation, it is crucial to
have a holistic knowledge of its dynamics for
effective decision-making, ecosystem restoration,

and sustainable forest resource management
[25, 26].
The Karbi Anglong district is especially

significant for the purpose of forest protection in
Assam. Itis the most extensive district in the state
by surface area and has the highest percentage
of forest cover [27, 28]. The district consists of a
number of different forest complexes, and among
them the Marat Longri—Patradisa—Longnit
Forest Complex is particularly significant. This
forest complex is rich in flora and fauna and is one
of the most under-scientifically unexplored areas
in Assam. It is the largest habitat area (around
52%) of the endangered Western Hoolock Gibbon
(Hoolock hoolock), and also provides shelter to
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the maximum population of Asian Elephants
in Northeast India [29]. Therefore, analyzing
forest cover dynamics in this region is of critical
importance.

In this context, the object of the study is the
forest cover of the Marat Longri—Patradisa—
Longnit Forest Complex. The subject of the study
is the spatio-temporal changes in forest cover and
land use/land cover patterns from 1994 to 2024.
The main purpose of the study is to assess changes
in forest cover, identify the major anthropogenic
drivers responsible for these changes, and
evaluate their implications for biodiversity
conservation, with particular emphasis on the
canopy-dependent Western Hoolock Gibbon
(Hoolock hoolock).

1. Materials and Methods

Study Area

The Marat Longri—Patradisa—Longnit Forest
Complexis situated in the Karbi Anglong district of
Assam (Figure 1). It lies between the geographical
coordinates of 93°08'E to 93°30’'E longitude and
25°45'N to 26°10'N latitude, covering a total
area of approximately 802 sq. km. The complex
comprises seven major Reserve Forests (R.F.)
and District Council Reserve Forests (D.C.R.F.),
namely Meyungdisa (D.C.R.F.), Disama (R.F.),
Kaki (R.F.), Englongkiri (D.C.R.F.), Patradisa
(R.F.), Longnit (R.F.), and Khonbamon (D.C.R.F).

Data Source

The study employed multi-temporal satellite
datasets, including Landsat 4-5 TM C2 L2
imagery from 1994 and 2004, and BHUVAN LISS
IV imagery from 2014 and 2024, sourced from
the USGS Earth Explorer and NRSC BHUVAN
platforms, respectively. The Landsat images had a
spatial resolution of 30 m, while the LISS IV data
offered a finer resolution of 5.8 m. All datasets
were acquired in TIFF format and processed
using ArcGIS 10.3. Before analysis, radiometric
and geometric corrections were applied to reduce
sensor-related noise, atmospheric distortions,
and spatial inaccuracies, thereby ensuring spatial
precision and spectral consistency across all time
periods.

To maintain uniformity among datasets and
ensure reliable temporal comparisons, image
resampling was conducted to reconcile differences
in spatial resolution. Seven categories were
delineated: Semi-Evergreen Forest, Mixed Moist
Deciduous Forest, Scrub Forest, Degraded Forest,
Agricultural Land/Shifting Cultivation, Built-up
Areas, and Water Bodies. All images were geo-
referenced to the WGS 84 coordinate system
using the UTM Zone 46N projection. False Color
Composite (FCC) images were generated to aid
in visual interpretation. The study boundary
of the Marat Longri—Patradisa—Longnit Forest
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Location Map of Study Area
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Fig. 1. Location map of Study Area

Complex was defined using Survey of India
Toposheets (Nos. 83G/1, 83G/5, 83F/4, and 83F/8;
scale 1:50,000). Finally, pixel-based supervised
classification techniques were employed to
generate forest cover maps for each time period.

Satellite data information:

A post-classification change detection approach
was applied using a change matrix to assess and
quantify temporal variations in forest cover. The
matrix depicts the transitions among different
forest cover categories across the study period from
1994 to 2024. The magnitude of change for each
forest cover class was computed using the following
equation:

ti=t —t, 1)

Where, ti signifies the degree of change in
classesi, t, denotes the base image, and t, denotes
the most recent image.

T T T T
93 10°07E 9315307 G30VE 93°26°307E

The following formula was used to calculate the

percentage change for each forest cover category:
Pci=(t,-t,)/t,x100 2)

Where, t, represents the most recent image, t,
represents the base image and Pci represents the
percentage of change in class i1 [30].

Accuracy assessment is a vital component of
image classification, ensuring the dependable
detection, interpretation, and evaluation of
changes [31]. To accomplish this, the classified
results were validated using the original mosaic,
Google Earth imagery, and GPS-based reference
points. A confusion matrix was generated by
superimposing the classified forest cover map
onto ground truth data to evaluate its accuracy.
Various statistical measures such as overall
accuracy, Kappa coefficient, producer’s accuracy,
and user’s accuracy were calculated [30]. The
computation of these accuracy indices followed

Table 1
Satellite Data information
Sensor Resolution (in m.) | Path/Row/orbit/Scene Number | Data format | Acquisition time Purpose
LANDSAT 4-5 30 136/42 Geotiff 27/11/1994 Forest Cover Analysis
LANDSAT 4-5 30 136/42 Geotiff 08/02/2004 Forest Cover Analysis
LISS 4 5.8 014649011200053 Geotiff 14/02/2014 Forest Cover Analysis
LISS 4 5.8 036801011200053 Geotiff 10/01/2024 Forest Cover Analysis
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Fig. 2. Forest Cover of MLPL Forest Complex 1994 and 2004

the methodologies described by Islami et al.
(2022) and Garg et al. (2016) [32, 33].

Producer accuracy:

Number of Correctly Classified Pixels
in each Category
Total Number of Reference Pixels
in that Category (The Column Total)

%100

3

User Accuracy:
Number of Correctly Classified Pixels
in each Category
Total Number of Reference Pixels
in that Category (The Row Total)
Overall Accuracy:

4

%100

Total number of correctly classified pixels

x100 (5)

Total number of pixels in the matrix table

Kappa Coefficient:
NXi=1 ;i 27=1 (%3, *x+i)
N2=¥T=1 (x;++x+1)

(6)

Where, r is the matrix’s number of rows, xii
denotes the total number of pixels in row i and
column i that were correctly classified, and xi+ and x
+1 denote the marginal sums of row 1 and column i.

Result and Analysis

The temporal assessment of forest cover and
land use changes in the Marat Longri—Patradisa—
Longnit Forest Complex from 1994 to 2024 reveals
substantial alterations across various land cover
classes (Table 2). The results indicate a consistent
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decline in dense forest categories, accompanied
by a marked expansion of degraded, scrub, and
human-modified areas over the three decades
(Figure 2 and 3).

The Semi-Evergreen Forest category declined
markedly from 285.03 sq. km in 1994 to 158.40
sq. km in 2024, representing a net loss of 126.63
sq. km. This substantial reduction indicates
large-scale deforestation and canopy thinning,
primarily driven by shifting cultivation, logging,
and other anthropogenic pressures. Similarly, the
Moist Mixed Deciduous Forest cover decreased
from 297.90 sq. km to 248.26 sq. km over the
same period, suggesting ongoing degradation and
conversion of late-successional forest stands into
secondary or disturbed forest types. In contrast,
both Scrub Forest and Degraded Forest classes
exhibited significant expansion. The scrub forest
area increased from 82.09 sq. km in 1994 to 120.44
sq. km in 2024, while degraded forest expanded
from 41.20 sq. km to 122.31 sq. km. These
increases reflect continued ecological deterioration
and the replacement of dense canopy forests with
fragmented, low-quality vegetation indicating a
shift toward secondary succession stages.

The Agriculture and Shifting Cultivation area
grew moderately, from 32.52 sq. km in 1994 to
46.10 sq. km in 2024, emphasize the persistent
dependence of local communities on forest
resources for subsistence agriculture. Likewise,
the Built-up area expanded sharply from 27.87
sq. km to 71.10 sq. km, reflecting increased
settlement growth, infrastructure development,
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Fig. 3. Forest Cover of MLPL Forest Complex 2014 and 2024

and human encroachment into forested regions.
In contrast, the Water Bodies category remained
relatively stable throughout the study period,
maintaining an average area of approximately
34.8 sq. km, which suggests minimal hydrological
change within the complex.

The analysis reveals a consistent pattern of
forest loss and landscape transformation across the
study period. The combined area of dense forests
(Semi-Evergreen and Moist Deciduous) declined
from 582.93 sq. km in 1994 to 406.66 sq. km in
2024, indicating a net loss of 176.27 sq. km of forest
cover. While this decline highlights an intensifying
trend of deforestation, the concurrent expansion
of degraded forest, scrubland, and built-up areas
emphasize growing anthropogenic stress on the

ecosystem. These transformations carry significant
ecological consequences, particularly for canopy-
dependent species such as the Western Hoolock
Gibbon (Hoolock hoolock), which rely on contiguous
forest cover for their survival and movement.

2. Discussion

The spatiotemporal analysis of land use and
forest cover changes in the Marat Longri—Patradisa—
Longnit Forest Complex for the period 1994-2024
presents a clear trend of ecological transformation
characterized by increasing deforestation and
habitat fragmentation. The quantitative trends
summarized in Table 3 and Figure 4 clearly show
a steady reduction in dense forest classes especially

Table 2

Area of different classified forest cover classes
in the Marat Longri-Patradisa-Longnit Forest Complex

Classes 1994 (Area in km?) 2004 (Area in km?) 2014 (Area in km?) 2024 (Area in km?)
Semi Evergreen Forest 285.03 243.05 176.58 158.4
Moist Mixed Deciduous 297.9 295.66 268.1 248.26
Scrub Forest 82.09 93.39 103.92 120.44
Degraded Forest 41.2 66.39 108.27 122.31
pgrioulture fand/ Shifting 3252 38.29 45.92 46.1
Built-up 27.87 29.89 63.83 71.1
Water Bodies 34.81 34.75 348 34.81
Total 801.42 801.42 801.42 801.42
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Table 3
Forest Cover changes of MLPL Forest Complex 1994-2024
Forest Cover Class 1994 Area ZQO4 Area 2Q14 Area 20?4 Area Change Change Change
in (%) in (%) in (%) in (%) (1994-2004) | (2004-2014) | (2014-2024)
Semi-Evergreen Forest 35.57 30.33 22.03 19.76 -5.24 -8.29 -2.27
Moist Mixed Deciduous 37.17 36.89 33.45 30.98 —-0.28 -3.44 —2.48
Scrub Forest 10.24 11.65 12.97 15.03 +1.41 +1.31 +2.06
Degraded Forest 5.14 8.28 13.51 15.26 +3.14 +5.23 +1.75
Agriculture/Shifting Cultivation 4.06 4.78 5.73 5.75 +0.72 +0.95 +0.02
Built-up 3.48 3.73 7.96 8.87 +0.25 +4.23 +0.91
Water Bodies 4.34 4.34 4.34 4.34 -0.01 +0.01 +0.00

Semi-Evergreen Forests and Moist Mixed Deciduous
Forests paired with the continuous increase of
degraded and scrubland categories.

The Semi-Evergreen  Forest  category
underwent the sharpest loss, decreasing from
35.56% in 1994 to 19.76% in 2024. The 15.80%
loss accounts for widespread canopy loss and
deforestation due to anthropogenic factors of
shifting cultivation, logging, and land clearing for
settlement and agriculture. As with Moist Mixed
Deciduous Forests, which decreased from 37.17%
to 30.98%, this indicates continued conversion of
mature forest stands into secondary growth or
disturbed terrain. The steepest fall in both forest
categories was between 2004 and 2014, which is a
time most likely to be marked by increased human
activity and uncontrolled land conversion. On the
other hand, Scrub Forest and Degraded Forest
classes experienced a sharp rise during the study
period. Scrub Forests grew from 10.24% in 1994
to 15.03% in 2024, whereas Degraded Forests
grew from 5.14% to 15.26%. These trends indicate
that previously dense forests are experiencing
successional regression, whereby canopy loss
and soil loss have resulted in dense cover of poor-
quality vegetation. This trend is consistent with
other research in tropical and sub-tropical forest

habitats of Northeast India [34, 35], where such
processes of degradation have been attributed to
expanding human habitation and resource use.
The Built-up and Agriculture/Shifting Cultivation
categories also expanded, reflecting increasing
human encroachment and reliance on forest
products for survival. The Built-up category more
than doubled from 3.48% to 8.87% representing
accelerated settlement growth and infrastructure
development. Agricultural and shifting cultivation
areas grew comparatively modestly, indicating
ongoing livelihood dependency on land use. These
patterns altogether hint at growing anthropogenic
alteration of the environment, sometimes at
the cost of ecological health. Conversely, Water
Bodies class showed minimal variation, with
a mean of 4.3% of the total area over the study
period. This stability indicates that hydrological
conditions have not been significantly affected by
the changing land use in the surrounding areas,
although localized effects on water quality and
flow regimes cannot be eliminated.

3. Accuracy Assessment

Accuracy testing of the forest cover classification
for the period 1994-2024 shows good reliability

Forest Cover Changes of MLPL Forest Complex, 1994-2024
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Table 4

Accuracy assessment of forest cover classification in the Marat Longri-Patradisa—
Longnit Forest Complex from 1994 to 2024, showing Producer Accuracy, User Accuracy,
average User Accuracy, and estimated Kappa statistics for each year

1994 1994 2004 2014 2024
Classes Producer User Producer AL ey Producer i Producer ALz sy
Accuracy Accuracy Accuracy
Accuracy | Accuracy | Accuracy Accuracy Accuracy

ﬁgg'sf"ergree” 92.11% | 96.86% | 94.97% 98.85% 98.64% 96.18% 94.72% 85.93%
l\Dﬂgclzsicth':/cl)lﬁzdForest 96.35% | 97.85% | 93.12% 98.37% 92.44% 97.89% 92.60% 98.88%
Scrub Forest 94.25% | 82.55% | 97.89% 95.97% 96.67% 98.72% 90.97% 94.89%
Degraded Forest 99.12% | 91.23% | 98.45% 98.94% 99.78% 88.49% 99.77% 68.73%
’S\ﬁirf'tch‘j'gt“éi'lt'i?/';‘t’ig L | 9897% | 99.87% | 9288% 93.88% 99.73% 98.87% 97.72% 97.31%
Built-up 98.44% | 87.55% | 99.87% 98.72% 90.55% 82.72% 69.95% 89.78%
Water Bodies 78.45% | 99.52% | 97.82% 90.99% 92.75% 94.65% 75.89% 97.97%
Overall Accuracy 93.91 96.53 93.36 90.64
Kappa statistics 0.88 0.93 0.87 0.81

of the results (Table 4). Overall user accuracy
varied from 90.64% (2024) to 96.53% (2004), with
high consistency between the classified maps and
reference data. The related Kappa statistics that
take into account agreement by chance ranged from
0.81 to 0.93, corroborating further the quality of the
classifications. Small decreases in user accuracy as
well as Kappa in 2014 and 2024 indicate enhanced
spectral confusion among classes, which is primarily
due to anthropogenic land use changes as well
as heterogeneity of the landscape. Collectively,
these measures confirm the trustworthiness of
the satellite-based forest cover maps for the four
decades.

4. Conclusion

The spatio-temporal evaluation of the changes
in the forest cover during the period of 1994-2024
within the Marat Longri—Patradisa—Longnit Forest
Complex shows significant ecological changes driven
mainly by human activities. The result reflects a
significant reduction in Dense forest categories—
particularly Semi-Evergreen and Moist Mixed
Deciduous Forests—coupled with a significant
increase in Degraded Forests, Scrub Forests,
and Built-up lands. These together represent
an increasing deforestation pattern, habitat
degradation, and fragmentation of the landscape.

BHecok aBToOpiB: BCi aBTOpu 3po6GuUNM PiBHWIA BHECOK Yy L0
poboty

KoHdonikT iHTepeciB: aBTOpy MOBIAOMAAIOTL MPO BiACYTHICTb
KOHMIKTY iHTepecis

[eknapauis Npo BUKOPUCTAHHA reHepaTUBHOrO LUTYYHOroO
iHTenekTy: ABTOpPW He BMKOPUCTOBYBaNW iHCTPYMEHTU reHepa-
TUBHOrO LWTYy4HOro iHTenekty (GenAl) npu HanucaHHi cTaTTi.
ABTOpPU HecCyTb MOBHY BIAMNOBIAANbHICTb 3a 3MICT Ta LiMiCHICTb
ny6nikauji.
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The consistent rise in degraded and human-
modified land categories indicates more rigorous
shifting cultivation, timber removal, agricultural
encroachment, and settlement expansion, all of
which have greatly altered the natural structure
and composition of the vegetation. Even though
the area of Water Bodies has exhibited negligible
fluctuation, the mass-scale conversion of dense
forests to degraded areas is a major threat to the
ecological integrity and diversity of the region.

These changes in landscape have serious
implications for canopy-associated species like
the Western Hoolock Gibbon (Hoolock hoolock),
which relies on unbroken forest cover for its
existence, mobility, and reproduction. Habitat
loss trend highlights the imperative of adopting
sustainable forest management, participatory
conservation initiatives, and policy initiatives
that align local livelihoods with ecological
conservation.

In short, the study highlights a relentless
pattern of forest decline that, if not addressed,
would lead to irreparable ecological harm.
Immediate measures addressing reforestation,
connectivity of habitats, and peoples’ awareness
are crucial for saving the existing forests and
improving the long-term ecological resilience
of the Marat Longri—Patradisa—Longnit Forest
Complex.
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Mopsika. ABTOpY BUCMOBMIOIOTL NoAsKy CneuianbHOMY rofioBHO-
My oxopoHuto nicis (Spl. PCCF), Kap6i AHrnoHr, Accam, i ABTo-
HOMHI pagai Kap6i AHrnoHra 3a HagaHHsi JO3BOMy Ha NpoBeAEH-
HS AocnigXeHb B OXOPOHIOBAHUX TepuTopisax. My Bucnosnioemo
Lmpy noasiky kadedpi reorpadii ACCaMCbKOro yHiBepcuteTy 3a
IXHIO NOCTIHY NIATPUMKY Mig Yac HaB4aHHS. ABTOPWU TaKOX XO-
YyTb BMCIIOBUTW CBOK LUMPY BASAYHICTb AokTopy lMpaHmxiTy Ky-
mapy Capma, goueHTy kadpegpu reorpadii konemxy Maxrangan,
3a MOoro egpe KepiBHULUTBO Ta NigTPUMKY.
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3minu sricoBoro moxkpusy B jicosomy kommiekci Mapar Jlourpi Ilarpagica Jlouruir

okpyry Kap6i Aurnonr, Ilisaiuno-Cxigua Iugia

Mapar Oxwuoti Kawban',

acnipakm, Kagheopa eeoepaghii

CaxaHa Bose’,
0. ghinocoghii, douernm, Kagheopa eeoepaghii
I Vuieepcumem Accama, kamnyc /linxy, Accam, Indis

AHOTALUIA

MeTol0 pocnigXeHHs € aHania MpOCTOPOBO-4aCOBOI AMHAMIKM NICOBOrO MOKPUBY
B nicoBomy komnnekci Mapat JloHrpi—MNatpagica—JloHrHiT (MLPL) B okpy3i Kapbi
AHrnoHr (Accam, IHgist) npotsrom 1994-2024 pp. Komnnekc € BaXnMBUM ocepenkoM
GiopisHoMaHiTTs MiBHIYHO-CxigHOI IHAIT Ta cepenoBuLLEM iCHYBaHHS BaraTbox pigKicCHUX
BuaiB. JocnigxeHHs cnpsiMoBaHe Ha OLiHKY 3MiH OCHOBHUX TUNIB MiciB, TpaHcdopmauii
3eMNEeKOPUCTYBAHHS, BNINBY aHTPONOreHHUX YNHHUKIB Ha Aerpajadito nicis Ta Hacnigkis
Lux npouecis Ans 36epexeHHs 6iopisHOMaHITTs1, 30KkpeMa 3axigHoro XynoubKoro riboHa.
BukopuctaHo cynyTHukoBi 3HiMku Landsat 4-5 TM 3a 1994 i 2004 pp. Ta BHUVAN
LISS IV 3a 2014 i 2024 pp. lNicns nonepeaHboi 06pobku Teputopito knacudikoBaHo
3a CiMOMa KaTeropisiMvM 3eMNeKOpUCTYBaHHS Ta 3€MHOro MOKPMBY: HamMiBBiYHO3ENEHI,
BOJIOri 3MiLLIiaHi NNCTSAHI, YarapHMKOBI Ta AerpagoBaHi nicu, CinbCbKorocnoaapchki yrigas,
3abypnoBaHi TepuTopii 1 Bogonmu. [1ns aHanidy 3actocoBaHO KOHTPOMbOBaHY MiKCENbHY
knacudikauito Ta nicnsknacudikauinHe BusiBneHHs 3MiH y ArcGIS 10.3. [JocToBipHicTb
pe3ynbTaTiB OLiHEHO 3a MOoKa3HWKaMu TOYHOCTI BUPOOHMKA, KOpUCTyBaya, 3aranbHoi
TOYHOCTI Ta cTtatucTukoto Kanna. Pe3ynstaTy 3acBig4uny CyTTEBE CKOPOYEHHS MIoLL,
HaniBBIYHO3EMEHMX i BOMOMMX 3MillaHUX NUCTSHUX NiciB Ta ogHovacHe 36inblUeHHs
nnoLy AerpagoBaHuX i YarapHUKOBWX NiCiB, CiflbCbKOrocrnoAapchbkux yriap i 3abyaoBaHux
TepuTtopii. Lle cBiguMTb NPO MOCUNEHHA aHTPOMOreHHOro BMNMBY, MOB’A3aHOMO
3 BUpYOyBaHHsM ficiB, PO3BUTKOM CifbCbKOrO rocnogapcTea, iHpacTpyKTypu
Ta noceneHb. Knacudikauis xapakTtepusyBanacs BWCOKOK TOYHICTIO: cepegHs
TOYHiCTb KopucTyBaya ctaHoBuna 90,64-96,53 %, a cratuctuka Kanna — 0,81-0,93.
BusiBneHi 3miHn npussenu Ao pparmeHTauii cepedoBuLy, iCHYBaHHSA Ta MOTipLUEHHS
YMOB ANl BUAIB, 3anexHux Big nicoBux ekocucteM. [oCnimKeHHS € KOMMIEKCHO
[OBrOCTPOKOBOO OLiHKO AnHamikm nicoBoro nokpusy MLPL i agemMoHcTpye HeobxigHicTb
cTanoro ynpasniHHA nicamu, BiQHOBMEHHS OEerpagoBaHUX OiNsSHOK, peryntoBaHHs
3MiHHOro 3emMriepoGCcTBa Ta MOCUIEHHST MPUPOLOOXOPOHHMX 3aXOAiB ANs 36epekeHHs
GiopizHOMaHITTS ¥ NiABULLEHHS €KOMOTiYHOI CTIKOCTi PETiOHY.
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