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The article deals with the influence of negative factors of working conditions on the health status of NSC KIPT personnel when working with
beryllium. Beryllium and its compounds render a general toxic, allergenic and carcinogenic effect on the organism. The high biological activity
and toxicity of Be is due to its chemical activity and penetrating ability. The chronic professional disease such as berylliosis occurs as a result
of prolonged systematic exposure on the organism of adverse factors. Elemental analysis of biosubstrates provides important information, that
in combination with symptoms and other laboratory parameters, can help in the early diagnostics of physiological violations associated with
metabolic disorders and exposure of toxic elements. The blood and hair samples were taken from 28 people, among which 5 patients were
selected as a control group, and a group of 23 people were former employees of the beryllium production. The content of chemical elements
in the biological substrates (blood and hair) of employees was determined by nuclear-physical methods. An elemental analysis was performed
on the analytical nuclear physics complex appliance “Sokol”. The methods based on registration of characteristic X-ray radiation of atoms and
y-radiation of nuclei excited by accelerated protons is used. After measurements, data arrays were obtained on the content of 14 chemical
elements (N, Na, S, CI, K, Ca, Ti, Mn, Fe, Cu, Zn, Br, Sr, Pb) in blood and hair. The processing of data arrays was carried out using the
principal component method which is related to chemometrics technologies. As a result of the work, an analytical program was composed in
MATLAB codes which were used to determine the content of elements in biosubstrates that are most sensitive to changes in external
conditions. This made it possible to identify certain groups of patients who have different health state indicators, as well as to see the similarities
or differences between patients depending on the different concentrations of chemical elements in the blood or hair.

Keywords: elemental analysis, biological substrates, berylliosis, characteristic X-ray radiation of atoms, chemometrics, principal
component method.
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Despite compliance with safety regulations, which practically exclude the interaction of personnel with harmful
substances, the problem of professional diseases remains very relevant. Since the existence of the nuclear industry,
NSC KIPT employees have been working with beryllium (Be). Be has high strength, heat capacity and heat resistance,
high anti-corrosion properties, resistant to radiation, and has used as addition to metal alloys. Under production conditions,
employees are exposed to soluble and sparingly soluble Be compounds, which differ significantly in their toxicological
properties. The main intake of Be occurs by inhalation. With oral intake, sparingly soluble Be compounds are formed in
the intestine. With the inhalation route of intake of soluble compounds, most part of Be remains in the lungs and
tracheobronchial lymph nodes, a smaller part is distributed in the bones, liver, and kidneys.

Beryllium is determined in biological substrates both in practically healthy people who have worked in contact with
the metal or its compounds, and in people who have undergone intoxication with its compounds, in patients with
berylliosis and in people who lived in coal mining areas with a high Be content. Beryllium and its compounds can have
a general toxic, allergenic and carcinogenic effect on the body. The high biological activity and toxicity of Be is due to
its chemical activity and penetrating ability.

An essential toxicological feature of insoluble Be compounds is the lack of correlation between the dose of the
affecting substance and the possible development of the disease. The development of berylliosis is often observed in
people who worked with metal or its alloys, the content of which in the air did not always exceed the maximum allowable
concentration. The occurrence of the disease is possible both after short-term contact with metal (from 6 hours to 2-3
weeks), and after long-term contact (within 10-20 years).

The chronic occupational disease such as berylliosis occurs as a result of long-term systematic exposure of the body
to adverse factors. Berylliosis is characterized by diverse clinical symptoms with a predominance of signs of lung damage,
a recurrent course of the disease, and damage to many organs.

For the correct diagnosis of professional disease, it is especially important to carefully study sanitary and hygienic
working conditions, the patient's history, his "professional route", which includes all types of work performed by him
from the beginning of his labor activity [1]. Currently, there is a group of professional patients with berylliosis among the
former and current employees of the NSC KIPT.
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Heavy metal compounds can enter the body in various ways such as inhalationly, orally, parenterally, as well as
through the skin and mucous membranes. They are excreted most often very slowly, through the kidneys, liver, salivary
and sweat glands, mucous membranes, which is accompanied by damage to these organs.

Recently, along with blood tests, there has been increasing interest in the study of hair to identify the state of
microelement metabolism in the body and the toxic effects of individual heavy metals [2-6]. The available data show that
the content of elements in hair reflects the elemental status of the organism as a whole, and hair samples are an integral
indicator of mineralogical metabolism.

Spectral analysis of hair for trace elements is a study of the content of "useful" and "harmful" chemical elements in
the human body by hair. Such chemical elements as K, Ca, Fe, Cu, Zn, Cr, Se are "useful" minerals that ensure the normal
functioning of the body, but a toxic elements of industrial origin Hg, Cd, Pb, As are poisonous.

An elemental analysis of biosubstrates (blood and hair) provides important information that, in combination with
symptoms and other laboratory parameters, can help in the early diagnosis of physiological disorders associated with
metabolic disorders and exposure to toxic elements.

The aim of this work is a comprehensive assessment of the biological substrates of a group of professional patients
by chemometric and nuclear physic methods.

SUBJECT OF STUDY AND INPUT DATA

The content of chemical elements in biological substrates (blood and hair) of employees was determined by nuclear-
physical methods. Blood and hair samples were taken from 28 people, among which 5 patients were selected as a control
group, and a group of 23 people were former workers in the beryllium production (9 women and 14 men). The age of the
examined patients was from 52 to 78 years. Samples were prepared according to standard technology. The measurements
were carried out at analytical nuclear physics complex “Sokol” of the NSC KIPT [7]. Methods based on the registration
of the characteristic X-ray radiation of atoms (it is method1) and y-radiation of nuclei excited by accelerated protons (it
is method 2) were used. Elements with an atomic number of 16 or more were determined using the method 1, elements
with an atomic number less than 16 were determined by the method 2. The spectra were measured at a proton beam energy
of 1.7 MeV, a current of 20..50 nA, and a proton charge on the target of 100..150 pC. The radiation was recorded by Si
(Li) and Ge (Li) detectors. After the measurements, data arrays were obtained on the content of elements in the blood and
hair. In the range of elements from N to Pb, 14 elements (N, Na, S, Cl, K, Ca, Ti, Mn, Fe, Cu, Zn, Br, Sr, Pb) were selected
for further processing.

SPATIAL ANALYSIS METHODS

Currently, when processing large data arrays, the possibilities of chemometrics are often used. Chemometrics is a
scientific discipline that applies mathematical, statistical and other methods based on formal logic to construct or select
optimal measurement methods and experimental designs, as well as to extract the most important information in the
analysis of experimental data [8]. One of the main objects that chemometrics works with is chemical data. However, over
time, chemometrics has become an independent discipline. Two circumstances contributed to this such as the
complication of the mathematical apparatus used in chemometrics, and the emergence of numerous applications in which
the chemometric approach is successfully applied in areas far from chemistry [9].

Chemometrics is closely related to mathematics. Therefore, chemometrics has found numerous applications in
various fields related to and far from chemistry, for example, in multivariate statistical control of processes [10], in image
analysis [11], and in biological applications [12]. It is used in physical chemistry to study kinetics [13], in organic
chemistry to predict the activity of compounds based on their structure (QSAR — quantitative structure-activity
relationship) [14], in polymer chemistry [15], in theoretical and quantum chemistry [16] .

Data is the main object that chemometrics works with. The simplest case is one-dimensional data, i.e. just one
number. A more complex case is multidimensional, unimodal data, i.e. a set of results from several measurements related
to the same sample. The next most common data type is bimodal data, which is represented by a 2D matrix, a table of
numbers with I rows and J columns. Recently, much attention has been paid to three (or more) modal data. The main task
of chemometrics is to extract the necessary information from the data. The concept of information is key in chemometrics.
What is information depends on the purpose of the problem being solved. For example, in some cases it is sufficient to
know that the desired substance is present in the system, while in others it is necessary to obtain quantitative values. All
data contains noise, such as errors that hide useful information.

The principles of the chemometric approach to data analysis: 1) the use of a multidimensional approach in designing
experiments and analyzing their results; 2) the definition of what is considered noise and what is information is decided
taking into account the goal and the methods used to achieve it.

The traditional approach to processing measurement results is to identify individual, especially significant quantities.
To select useful information in chemometrics, data compression methods are used. The idea behind this approach is to
represent the original data using new hidden variables. In this case, two conditions must be met. Firstly, the number of
new variables should be significantly less than the number of original variables, and, secondly, the losses from such data
compression should be comparable to the noise in the data. Data compression methods allow you to present useful
information in a more compact form that is convenient for visualization and interpretation.
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The most popular method of data compression is principal component analysis (PCA), which underlies some other
similar chemometric methods [17].

From a mathematical point of view, the method of principal component analysis is a decomposition of the original
2D matrix X, i.e. its representation as a product of two 2D matrices T and P [18]:

X=TP‘+E=Ztap;+E, (1)

where T is the score matrix; P is the load matrix; E is the matrix of residuals.

The transposition operation is denoted by the superscript t. The number of columns t, in matrix T and p, in matrix P
is equal to the effective rank of matrix X. A is the number of principal components, and it is less than the number of
columns in matrix X.

To illustrate a method PCA, a dataset should be considered. It is containing only two variables x; and x, that are
strongly correlated. On Figure 1 (a) these data are presented in original coordinates. On Figure 1(b) the same data are
shown in new coordinates. The load vector p; of the first principal component (PC1) determines the direction of the new
axis along which the greatest data change occurs. The projections of all initial points onto this axis make up the vector t;.
The second principal component p; is orthogonal to the first, and its direction (PC2) corresponds to the largest change in
the residuals by segments which are perpendicular to the p; axis (it is shown on Figure 1 (b)).
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Figure 1. Graphical representation of the data set in the method of principal components: a) data in the initial coordinates
of the variables x1 and x2; b) data in principal component coordinates [18]

An application of principal components analysis method is carried out sequentially, step by step. At each step, the
residuals E, are examined, and among them the direction of the greatest change is selected. The data are projected onto
this axis, new residuals are calculated, and so on. This algorithm is called non-linear iterative projections by alternating
least-squares (NIPALS) [19].

Principal component method can be interpreted as the projection of data onto a subspace of lower dimension. The
residuals E arising in this case are considered as noise that does not contain significant information.

When examining data using the PCA method, special attention is paid to the graphs of accounts and loads. They
carry information useful for understanding how the data is structured. On the score chart, each sample is depicted in
coordinates (t;, tj), most often as (t1, t2). The proximity of two points means their similarity, i.e. positive correlation. Points
located at right angles are uncorrelated, and diametrically opposite points are negatively correlated.

If the score chart is used to analyze the relationship of samples, then the load chart is used to study the role of
variables. On the load graph, each variable is displayed as a dot in the coordinates (p;i, p;), for example (pi, p2). By
analyzing it in a similar way to a graph of accounts, one can understand which variables are related and which are
independent. However, the most informative is the joint study of paired graphs of scores and loads [18].

RESULTS OF THE RESEARCH

The processing of data arrays obtained by nuclear-physical methods was carried out in order to determine the content
of elements in human biosubstrates that are most sensitive to changes in external conditions. Based on the analysis of the
obtained data, it was supposed to study the possibilities of using nuclear-physical methods for analyzing the composition
of a substance for diagnosing certain types of diseases.

For a comprehensive assessment of the data obtained by nuclear-physical methods, the Analytica program has been
developed, which implements the selection in a given factor space of the initial features of the m main components, or
generalized features.
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The Analytica program was created in MATLAB package codes. The process of data processing using the program
includes the following steps:

1) a calculation of probabilistic-statistical values: mean, variance, deviation, variation;

2) a determination of the correlation matrix and correlation coefficients;

3) a calculation of eigenvalues for the correlation matrix;

4) using the NIPALS function, the obtaining a matrix of loads and a matrix of accounts;

5) a construction of graphs of accounts and loads.

When processing the obtained data, it was revealed that the hair is a more informative object, therefore, it is for this
object the application of the principal component method is illustrated.

In the general case for biological objects it is rather difficult to determine the content of elements in the norm. Even
when labeled, this value varies greatly for the control group as well. But the ratio of the contents of a number of elements
is characteristic and is very constant. It is these relationships that can serve as an indicator of changes in the body's
metabolism. In the process of data processing, various pairs of elements were selected, but normalization to the content
of total N turned out to be the most informative. When processing the initial data for hair with normalization to N, a 28 x
13 matrix was compiled, where 28 is the number of patients, 13 is the number of chemical elements. Not included in the
statistical processing of As and Cd, because the content of these elements is at the boundary and below the limits of
detection.

According to the developed data processing algorithm, the eigenvectors (or load vectors) in the new coordinate
system were determined. The coordinates of the samples for each component were calculated, which shows in what logic
this or that component determines the structure of the samples and their position relative to each other.

The calculations were made for all components, allowing you to see how the samples relate to each other in one-
dimensional (within one component) and two-dimensional spaces (planes formed by two components). The position of a
single sample on a particular component was examined, as well as the percentage of features for the sample that explains
the component. By varying the various main components, results were obtained linking the ratio of the content of separate
elements in the hair with the presence of professional disease.

Considering the load vectors, we can conclude that in the first vector the load of element S is 86.2%, in the second
vector the load Ca is 80%. Therefore, within the framework of component 1, the S index (it has the largest positive weight)
acts as the most significant index. Within the framework of component 2 it is Ca, i.e. the following chemical elements
predominate in the hair: S, Ca.

On Figure 2 shows the projection of the structure of hair samples in terms of elemental composition onto the plane
of the principal components (1 comp and 2 comp).
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Figure 2. Chart of accounts for the data array on the content of chemical elements in the hair of 28 patients

On the given graph of scores, all points are located along the first principal component and form three groups. Group
number 2 includes patients of the control group who do not have deviations in their state of health. They are characterized
by a relatively low content of Ca and S. The first group of patients has a high content of Ca and low S and located apart.
Based on the data set on the composition of the hair of these patients, it could be assumed that their hair was dyed (this
was later confirmed). The third group includes patients with a certain professional disease. They are characterized by an
increased content of S in the hair.

An application of the principal components method allows us to draw a conclusion about the microelemental state
of the human body. Any pathology or any deviation in health is caused either by a deficiency of vital (essential) elements,
or an excess of both essential and toxic microelements. Such imbalance of macro- and microelements has received its
unifying name as microelementosis [20]. For example, it follows from the processed data that a group of patients with a
professional disease is characterized by a higher content of N, K, Fe in the blood than in patients of the control group.
The information [21] that an excess of Zn can lead to a deficit of Cu and Fe is confirmed, and, conversely, an excess of
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Fe leads to a deficiency of Cu and Zn. For patients with a professional disease, there is an increased content of S in the
hair than in patients of the control group.

The majority of patients (when examining hair samples) have approximately the same Ca/Mn ratio, in patients with
an professional disease the Mn content is slightly increased. Ca content remains approximately the same as in patients in
the control group. In the composition of the hair of patients with a professional disease, the content of Fe is increased,
while the content of Ca is the same as in patients of the control group. It has been confirmed that an excess of calcium in
the hair occurs when it is intensively excreted from the body [21].

CONCLUSIONS

The content of chemical elements in biological substrates (blood and hair) of 28 employees with a professional
disease was determined by nuclear-physical methods. After the measurements, data arrays were obtained on the content
of elements in the blood and hair. In the range of elements from N to Pb, 14 elements (N, Na, S, Cl, K, Ca, Ti, Mn, Fe,
Cu, Zn, Br, Sr, Pb) were selected.

For complex data evaluation, the Analytica program has been developed, which implements the principal component
method. The principal component method is effective in identifying the content of the main components of each sample and
allows you to present useful information in a more compact form that is convenient for visualization and interpretation. Thus,
with the help of graphs of accounts, certain groups of patients who have different indicators of health status are clearly
identified. From the processed data, it follows that the group of patients with professional diseases is characterized by a
higher concentration of N, K, Fe in the blood and an increased content of S in the hair than in patients of the control group.

It follows from the obtained results that hair is a more informative object than blood. Unlike blood, the chemical
composition of hair is more stable. The study of hair shows the level of not only vital, but also conditionally essential, as
well as toxic and potentially toxic trace elements.

The use of nuclear-physical methods and the mathematical apparatus of chemometrics made it possible to obtain
information on the microelemental state of professional patients. As a result of the study, a conclusion was made about
the possibility of using nuclear physics methods in the diagnosis of professional diseases.
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KOMIIJIEKCHA OIIHKA BIOJIOT'TYHUX CYBCTPATIB I'PYIIM TIPO®XBOPUX
XEMOMETPUYHUM TA SIAEPHO-®I3BUYHUM METOJAMU
M.®. KoxeBHikoBa, B.B. JleBeneusp, O.I1. OmenbHuk, A.O. Illyp
Hayionanenuii naykosuii yenmp «Xapxiecokuil gizuxo-mexniunuil incmumymy, HAHY
1, eyn. Axaodemiuna, 61108, Xapxis, Yrpaina

B po6oTi po3risinaeTscs BIUIMB HETATUBHHUX (DAKTOPiB BUPOOHMYMX YMOB Ha cTaH 310poB's nepconary HHL XDTU mpu pobori 3
OeprntieM. beprutiii Ta foro cromyku 3aiHCHIOIOT 3aTAIBHOTOKCHYHHH, allepreHHuil Ta KaHI[epOreHHUH BIUTUB Ha opraHi3M. Bucoka
0i0JIOTiYHA aKTUBHICTH Ta TOKCHYHICTH OEPHILIiI0 00YMOBIICHA HOT0 XiMIYHOIO aKTHBHICTIO Ta MPOHUKAIOYOIO 3/[aTHICTIO. XpOHIUHE
npodeciiiHe 3aXBOPIOBaHHS OEPHUILTIO3y BUHUKAE SIK PE3yJbTaT TPUBAJIOTO0 CHCTEMAaTHYHOTO BIUIMBY HAa OpPraHi3M HECHPHUSTINBHX
¢dakTopiB. EnemenTHuii ananmiz 6iocyOcTpaTiB Hagae BaxiIuBY iH(OpMaIlilo, siKa B TMOEAHAHHI i3 CHMITOMAMH Ta IHIIMUMH
n1abopaTOpPHUMH TTOKa3HUKAMH, MOXE JONOMOITH B paHHii miarHoctHii (i3ioNoriyHUX MOPYIISHb, MOB’3aHUX 13 MOPYIICHHIMU
00MiHy pEYOBHH Ta BILTHBOM TOKCHYHHX eeMeHTiB. [Ipo6u kpoBi Ta Bojoccst oTobpano y 28 mioieid, cepe/ sKuX 5 namieHTiB 00paHo
B SIKOCT1 KOHTPOJIBHOI TPYIIH, a rpyma 3 23 Jto/iei — KOJUIIIHI MPalliBHUKKA OepHILTieBOTO BUPOOHUITBA. S nepHO-(Di3HIHUMEI METOJaMU
BH3HAYEHO BMICT XIMIYHHX €JIEMEHTIB y 010J10TiYHNX cyOcTpaTax chiBpoOiTHUKIB (KpOB 1 Bosoccsi). EneMeHTHUIT aHaNi3 BUKOHAHO Ha
aHANITHIHOMY siiepHO-(iznaHOMy KomImiekci «Coko». BHKOpHCTOBYBaIMCh METOIH, 3aCHOBAHI Ha peecTpalii XapaKTepuCTUIHOTO
PEHTTeHIBCHKOTO BUIIPOMIHIOBAHHS aTOMIB 1 Y-BHIIPOMIiHIOBaHHS SAEP, IO 30yKYIOTHCS MBUIKAME MpoToHaMU. [licis mpoBeaeHHS
BHMIpIOBaHb OTPHMAaHO MAaCHBH JaHUX 110 BMicTy 14 ximiunux exemenTiB (N, Na, S, CL, K, Ca, Ti, Mn, Fe, Cu, Zn, Br, Sr, Pb) B kpoBi
Ta Bojyocci. OOpoOka MacHBIB JaHMX IPOBOAWIACH IIPH BUKOPUCTAHHI METOIY TOJIOBHHX KOMIIOHEHTIB, SKHIl Ma€ BiIHOIICHHS IO
TEXHOJIOT1H xeMoMeTpukH. B pe3ynbraTi poboTn Oyna ckinanena nporpama Analytica B kogax MATLAB, sika BUKOPHUCTOBYBaJIach JUIst
BH3HAYEHHS BMICTY B 6iocyOcTpaTax eJIeMeHTiB, HalOiIbII Yy TIMBHX 10 3MiHH 30BHILIHIX YMOB. L{e 703BOJIMIIO BUSIBUTH ITE€BHI IPYITH
MALi€HTIB, SKi MAIOTh Pi3Hi HOKA3HUKH CTaHY 3/I10POB’sl, @ TAKOXK MOOAYUTH CXOXKICTh 200 BIIMIHHICTD MiX MALli€EHTAMH B 3QJISKHOCTI
BiJl KOHIIEHTpAL[iT XIMIYHHUX EJIEMEHTIB B KPOBi 4H BOJIOCCI.

Kuro4oBi ci10Ba: eeMeHTHUIT aHami3, 61010T14HI cCyOcTpaTH, OepuinTio3, XapaKTepUCTHYHE PEHTIT€HOBCHKE BUITPOMIHIOBAHHS aTOMIB,
XEMOMETpPHKA, METOJI TOJIOBHUX KOMIIOHECHTIB.





